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Performance Testing

Performance

tools bottlenecks

1. Agilefant.model.WidgetCollection.getName() 273.2s

2. Agilefant.db.hibernate.UserTypeFilter.deepCopy() 213.5s

3. Agilefant.model.Team.setld() 192.3s

4. Agilefant.model.Backlog.setChildren() 123.9s .
5.....
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WILDFIRE => bottlenecks



Feedback-ORiEnted PerfOrmance
Software Testing (FOREPOST)

* Using machine learning algorithms to extract rules for
selecting test input data

* Using Independent Component Analysis (ICA) to identify
performance bottlenecks automatically
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Feedback-ORiEnted PerfOrmance
Software Testing (FOREPOST)

* Using machine learning algorithms to extracts rules for
selecting test input data

* Using Independent Component Analysis (ICA) to identify
performance bottlenecks automatically

(_:(_S) Input: test input data and binary code

fzﬁé Output: a set of rules, a ranked list of methods
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Script

(1)

* Test input data comes from existing
repositories or databases

* Test scripts
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The Eclipse Test & Performance
Tools Platform (TPTP) Profiling tool
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Profiler
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Java

The Eclipse Test & Performance
Tools Platform (TPTP) Profiling tool

.+ FrameDemo =i
File Control Help

X

Trace Status Rules Proﬁles: Configuration Analysis Bottlenecks Recommendations
3) ®1 Statistics 7
Profile No Elapsed Time Methods Invocations |AtDu.me Datain ... Class Exclude

I 19.139721943E9 11072 1102666 '_()‘ ~ ,sgnassiqned false Ji
157768 050 106 1a0%86 0 Unmssidfedmse-
= e e = A
Profile No Elapsed Time Methods Invocations
1 0.139721943E9 |1072 102666 |
2 6.813736663E9 |905 111258
3 7.726661705E9 1008 120986
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Examples of rules:

* (childOrAdultCareDetails.numberPersonsCaredForChild>3)
=> Good

e (browse title. ACADEMY_AFRICAN_2 >5) => Bad

e (viewPrdct _K9RTO1 > 5) and (viewltem_ EST16 > 5) => Bad

* (storeStory3 > 100) and (storeProject6 < 25) => Bad
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Bottlenecks =>the most significant methods that occur
in good traces but are not invoked or
have little significance in bad traces
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Experimental Design
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Experimental Design

* Effectively finding input test data
* FOREPOST & Random

* |dentifying performance bottlenecks effectively
* |njected performance bottlenecks
* Real performance bottlenecks
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Experimental Results

e Effectively finding input test data that
expose performance bottlenecks

* |dentifying performance bottlenecks
effectively
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