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Latent Dirichlet Allocation (LDA)

e Topic model that generates the distribution
of latent topics from textual documents



Latent Dirichlet Allocation (LDA)

e Topic model that generates the distribution
of latent topics from textual documents

Private Funciion CleanlipLine(ByVal sLine As String) As String
Dim 1QuoteCount s Long
D Ly Pibes Futian ClanTp LBy Vel oL ine A Saing’ s Sting
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Dim <3 in 1QuoteCowt As Long
Din leownt hs Long
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! Starts with Rem it is a comment
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sline = Trim(sLine}

Exi
Privaie Function Cleanlp Line{B yVal sLine As String} As String I o I n
Dim 1QuoteCount s Long
Dinm lesumt iz Long
Din =Char iz String
Dim sPrevChar As String

LSk aEEE e Privaie Funciion Cleanllp Line(B yVal sLine As String) As Stving.
! Din 1QuoteCount As Long
sline = Trim{ :
Privaie Funciion Cleanllp Line(B yVal sLine As String) As Stving.
Din 1QuoteCount As Long
Din leownt hs Long
Dinm sChar s String
Dim sPrevChar Privaie Funciion Cleanllp Line(B yVal sLine As Siring) As Siving
Din 1QuoteCount As Long
! Starts with R Dinm lesumt iz Long
shine = Trim{sL Dinm sChar ks String L
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Cleanlpline
|: Exit Functio ! Starts with Rem it is a comment
End If sLine = Trim({sLine)
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' Starts with Cleanlpline
FIf Left(sLine, Exit Function
Cleamlipline End If
L Exit Functio
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~If Left{sLine, 1) = "'" Then
' Contains ' ma Cleamlipline
' body of 4 str L Exit Function
FIf InStrisline, End If
sPrevihar = |
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rFer leewnt =|  —If InStrisline, " '") > O Then
sChar = I sPrevihar =
louoteCount = 0
| If we £
| means i (For leewnt = L To Lenislins)
| part of sChar = Mid(sline, leownt, 1]
~If sChar
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SLis ' means it is the start of @ comment, and odd mumber mesms it is
Exid | part of a string
End If ~If sChar = "'" And sPrevChar = " " Then
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1Quote L sline = Trim{Left{sLine, leownt - 1)}
End If Exit For
sPrevithar End If
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End If
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End Function Hext leount
“End If
ClearlpLine = sline
End Function
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LDA-GA in TracelLab
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Thank you! Questions?

http://www.cs.wm.edu/semeru/data/tefse13/
http://www.distat.unimol.it/reports/LDA-GA/
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